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Abstract 

Osteosarcoma is a highly malignant tumor, with very high disability and fatality rates. However, the overall progno-
sis is not optimistic. Pyroptosis is a newly discovered cell death modality accompanied by inflammation, which is 
closely related to varieties of cancers. In this study, the RNA-seq data were downloaded from public databases, the 
differences in the expression of the pyroptosis-related genes (PRGs) were identified, and the six PRGs signature was 
established through the univariate and LASSO Cox analysis. The patients were grouped according to the PRGs signa-
ture, and the prognosis between the two groups was further compared. In addition, a ten pyroptosis-related lncRNAs 
(PRLs) prognostic signature was also constructed. Through functional analysis of the differentially expressed genes 
(DEGs), the immune-related pathways were found to be enriched. The Pearson correlation analysis showed a strong 
correlation between the pyroptosis-related biomarkers. Finally, we identified a promising biomarker, CHMP4C, which 
is highly expressed in osteosarcoma. Overexpression of CHMP4C promoted the proliferation, migration and invasion 
of the osteosarcoma cell. Our results thus provide new evidence for exploring prognostic biomarkers and therapeutic 
targets of osteosarcoma.
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Introduction
Osteosarcoma is an osteogenic malignant tumor origi-
nating in the bone tissue and is most frequent in ado-
lescents[1, 2]. It has a high degree of malignancy, low 
sensitivity to radiotherapy and chemotherapy, easy 
recurrence and metastasis, and a poor prognosis[3]. 
The current main treatment includes a combination 
of neoadjuvant chemotherapy and extensive surgical 
resection, but it still has a low overall survival rate[4]. 
Therefore, investigating novel early diagnosis and 

prognostic indicators is of great significance for patients 
with osteosarcoma.

Pyroptosis is a type of cell programmed inflamma-
tory death different from apoptosis[5]. It relies on the 
activation of some caspases and is accompanied by the 
lysis of GSDMD and the release of pro-inflammatory 
cytokines[5, 6]. Finally, stimulating the innate immune 
mechanism, expands the inflammatory response, 
causing the cells to collapse and die[7]. Pyroptosis is 
activated by the Caspase-1-mediated classical pyrop-
tosis pathway activated by the inflammasomes and the 
non-Caspase-1-mediated pyroptosis pathway[8–10]. 
Pyroptosis can form an inflammatory microenviron-
ment through the pro-inflammatory effects, or affect 
certain signaling pathways to promote the growth of 
the malignant tumors[11, 12]. However, many studies 
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have confirmed that pyroptosis playing a key role in 
malignant tumor treatments by regulating the activity 
of a certain target or signal pathway[13, 14]. For exam-
ple, Hou et al. have found that PD-L1 can regulate the 
expression of gasdermin C, transforming apoptosis into 
pyroptosis, and promote tumor necrosis[15]. However, 
the specific function of pyroptosis in the prognosis and 
treatment of osteosarcoma is still at its infancy.

In this study, a systematic study of the PRGs was 
conducted in osteosarcoma and 6 PRGs signature 
were identified to have powerful prognostic functions 
and verified in the GSE21257 cohort. The relationship 
between the PRGs risk model and the immune micro-
environment has also been discussed. In addition, a 
9 PRLs signature was also found to be related to the 
prognosis of osteosarcoma. Through functional enrich-
ment analysis, the possible mechanism of action was 
discussed. Compared with osteoblasts, the expression 
level of CHMP4C in osteosarcoma cells was up-regu-
lated, which might be a promising biomarker. Finally, 
overexpression of CHMP4C promoted the prolifera-
tion, migration and invasion of the osteosarcoma cell 
line U2OS. Our findings provide new evidence for 
exploring the prognostic biomarkers and therapeutic 
targets of osteosarcoma.

Materials and methods
Data collection
The RNA-seq data and clinical information of 85 
osteosarcoma patients were screened from the TCGA 
database (TARGET-OS project). The gene expression 
data of the musculoskeletal samples from 396 healthy 
humans were collected from the GTEx (The Genotype-
Tissue Expression) database. To eliminate the platform 
data difference between the TCGA and GTEx data-
bases, the gene transcriptional expression data of each 
sample were transformed into log2 (FPKM value + 1).

The GSE21257 and GSE42352 dataset of osteosar-
coma was obtained from the high-throughput micro-
array expression profile database (Gene Expression 
Omnibus database, GEO, https:// www. ncbi. nlm. nih. 
gov/ geo/)). GSE21257 contained the gene expres-
sion data and related clinical information of 53 osteo-
sarcoma patients, which was used as the verification 
cohort. GSE42352 contained 15 normal samples and 
103 osteosarcoma samples for analyzing the differential 
expression.

A total of 57 PRGs were collected from previous arti-
cles [14, 16–18] and MSigDB (http:// www. gsea- msigdb. 
org/ gsea/ msigdb/), as shown in Additional file  2: 
Table S3. Analyzed the interaction between the PRGs by 
the STRING online tool (http:// www. string- db. org/).

Differential analysis
Using the “limma” package, FDR < 0.05 and logFC > 1 
as screening criteria, the differences of PRGs expres-
sion between the osteosarcoma and normal samples in 
the combination of TARGET and GTEx cohorts were 
determined, and the differences in the PRGs expression 
were visualized. The expression levels of CHMP4C were 
visualized in several common cancers by the GEPIA 
online tool (https:// cistr ome. shiny apps. io/ timer/) and 
TIMER online tool (Gene Expression Profiling Interac-
tive Analysis, http:// gepia. cancer- pku. cn /).

Construction and validation of the PRG‑based prognostic 
signature
The univariate Cox regression analysis of 57 PRGs was 
carried out by using the “survival” R package in the 
TARGET cohort, where p < 0. 05 is considered to be 
related to prognosis. The genes obtained from the uni-
variate Cox regression analysis were analyzed by “glm-
net” R package for 1000 times iterative Lasso regression 
analysis, and the final key prognostic genes were 
determined.

To obtain the PRLs, the 57 PRGs were compared with 
the lncRNAs one by one to calculate the Pearson cor-
relation coefficient in the TARGET database. The PRLs 
were screened according to the absolute value of cor-
relation coefficient ≥ 0.4 and p < 0.05. Then, to build 
a PRLs prognostic model, the differentially expressed 
PRLs were selected, the prognostic PRLs were screened 
by univariate Cox regression, and the PRLs prognos-
tic signature was constructed including ten PRLs by 
LASSO Cox analysis, at the same time, the risk coeffi-
cient of each gene was obtained. A risk scoring equation 
based on the expression of the genes was constructed:

Here, Coef irefers to the regression coefficient of the 
gene, and xi is the expression level of the gene.

Evaluation and verification of the risk model
The risk score of the osteosarcoma samples was calcu-
lated, ranked from low to high, and the osteosarcoma 
samples were divided into the low-risk and high-risk 
groups according to the median. The Kaplan—Meier 
curve was used to analyze the difference in the prog-
nosis between the groups. The time-dependent ROC 
curve was drawn by the “survival” R package. The uni-
variate Cox and multivariate Cox regression analy-
ses were used to explore the independent prognostic 

Risk score =
∑n

i=1

(

Coef i ∗ xi
)
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factors, including age, gender, and metastasis. The 
“rms” package was used to establish a nomogram, and 
draw calibration curves to assess the consistency of the 
predicted results with the actual results.

Immune cell infiltration and immune score analysis
The ssGSEA was used to evaluate the immune cell infil-
tration in each sample. Based on the ESTIMATE algo-
rithm, the ESTIMATE score, immune score, and stromal 
score of the osteosarcoma patients were calculated by the 
“estimate” R package.

Functional enrichment analysis
The DEGs between the low-risk and high-risk groups 
were determined using the “limma” package, and the 
“clusterProfiler” R package was used for Gene Ontol-
ogy (GO) and KEGG analysis. The hallmark gene sets 
(h.all.v7.4.symbols) of the high- and low-risk groups 
were further analyzed by the GSEA software, and a gene 
enrichment map was drawn. The GSEA software was 
downloaded from (http:// www. gsea- msigdb. org/).

Cell lines and reagents
The hFOB1.19 and the 143B, SaOS2, and U2OS osteosar-
coma cell lines were purchased from the National Collec-
tion of Authenticated Cell Cultures (Shanghai, China). 
The TRIzol reagent and penicillin/streptomycin were 
purchased from Thermo Fisher Scientific, USA. The RT-
qPCR kit was purchased from Takara Company, Japan. 
The Dulbecco’s modified Eagle’s medium (DMEM) and 
fetal bovine serum (FBS) were purchased from Gibco, 
USA. The primers (CHMP4C, GAPDH) were purchased 
from Sangon Biotech Shanghai, China. The Primers are 
listed in Additional file 1: Table S4.

Cell culture
The osteosarcoma cell lines were grown in complete 
DMEM (containing 10% FBS and 1% penicillin/strepto-
mycin) at 37℃ in a humidified atmosphere containing 
5%  CO2. The osteoblast cell lines were grown in the same 
complete medium at 34℃ in a humidified atmosphere 
containing 5%  CO2.

Clinical specimens
We collected 3 osteosarcoma tissues and 3 matched adja-
cent normal tissues. The samples came from patients 
who underwent surgery at The Second Affiliated Hos-
pital of Nanchang University and were pathologically 
diagnosed with osteosarcoma. All patients signed an 

informed consent form, and the study was approved by 
the Research Ethics Committee of the Second Affiliated 
Hospital of Nanchang University.

RNA extraction and RT‑qPCR
Add TRIzol to the cells to extract total RNA, and obtain 
cDNA after reverse transcription. The qPCR kit was 
used to detect the expression of CHMP4C using the 
relative quantification method according to the instruc-
tions and GAPDH as an internal control.

Lentivirus infection
Lentiviruses containing pFBLV-CHMP4C-Puro and 
controls were purchased from Focus Bioscience Com-
pany (Nanchang, China), and U2OS cells were infected 
according to the manufacturer’s protocol. Puromycin 
(1.0 µg/mL) was used to select stably transfected cells. 
Overexpression of CHMP4C was confirmed via west-
ern blotting.

Western blotting
Proteins were extracted from cells using RIPA lysis 
buffer and quantified using the BCA method. The pro-
teins were separated by 10% SDS-PAGE gel electro-
phoresis and transferred to PVDF membrane. Block 
with 5% skim milk and incubate with anti-CHMP4C 
(Abcam) overnight at 4℃. The next day, the membrane 
was rinsed twice with PBST and incubated with horse-
radish peroxidase secondary antibody (1:20000) for 1 h. 
Finally, expression of the corresponding protein was 
observed via chemiluminescence and analyzed using 
ImageJ software.

CCK‑8 and colony formation assays
The proliferation of osteosarcoma cells was detected by 
CCK-8 and colony formation assays. For the CCK-8 assay, 
CHMP4C overexpressing cells and control U2OS cells were 
seeded in 96-well plates at a density of 1 × 103 cells/well in 
5 replicates. CCK-8 reagent was added to the wells at the 
indicated time points. Plates were incubated at 37 °C for 1.5 h 
before recording optical density (OD) at 450 nm.

In colony formation experiments, U2OS cells were seeded 
into 6-well plates at a density of 1 × 103 cells/well. Cells were 
cultured for 2 weeks, and the medium was changed every 
3 days. After 2 weeks, Colonies were fixed and stained with 
1% crystal violet. The plates were photographed and the 
number of cell colonies in each well was counted.

Wound healing and transwell invasion assays
The migration and invasion abilities of osteosarcoma 
cells were evaluated by wound healing and transwell 
migration and invasion assays. In wound healing assays, 

http://www.gsea-msigdb.org/
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transfected osteosarcoma cells were seeded into six-
well plates. When the cell density reached about 90%, 
the cells were scratched with a 10 µL sterile pipette tip 
to allow intercellular space to form, and cultured in 
serum-free medium for 48 h. An inverted microscope 
was used to observe the gaps at 0, 24 h, and 48 h and 
take pictures.

Transwell invasion assays were performed using 
Falcon® Cell Culture Inserts (NY, USA). Transfected 
osteosarcoma cells were digested and resuspended in 
serum-free medium at a density of 105 cells/mL. 400 µL 
of cell suspension was added to the upper chamber and 
700 µL of medium (10% fetal bovine serum) was added 
to the lower chamber. After 24 h, the cells in the bottom 
cavity were fixed, stained with 1% crystal violet, and pho-
tographed with an inverted microscope.

Immunohistochemical staining
To further verify the expression of CHMP4C, immuno-
histochemistry was performed on paraffin sections fol-
lowing the standard protocol (Abcam, ab272638). All 
slides were observed and photographed under XSP-C204 
microscope (CIC).

Statistical analysis
Analyzed the data with the R Software (v4.0.4) and 
GraphPad Prism (v9.0). The student’s t-test was used to 
compare the differences between the two groups. p < 0.05 
indicated that the difference was statistically significant.

Results
Defining the PRGs expression patterns in osteosarcoma
The expression of 58 PRGs was first explored in the 
osteosarcoma and normal musculoskeletal tissues using 
a combination of TARGET and GTEx datasets. The 
heat map showed the expression patterns of 58 PRGs 

(Fig.  1A). The boxplot (Fig.  1B) further demonstrated 
the expression levels of the differentially expressed PRGs 
(logFC > 1, FDR < 0.05). We also constructed a PPI net-
work. Additional file  4: Fig.  S2 shows the interaction 
between the PRGs.

Establishment and evaluation of the PRGs prognostic 
signature
In the TARGET data set, 58 PRGs were included in the 
univariate Cox regression analysis, and 10 PRGs were 
determined to be related to the prognosis of osteosar-
coma patients (Fig. 2A). By LASSO Cox regression anal-
ysis, six key PRGs (Fig.  2B, C) were further identified, 
establishing the prognosis model of osteosarcoma. The 
specific information of each gene was shown in Addi-
tional file 1: Table S1. The survival curve showed that the 
PRGs signature can clearly distinguish between high- and 
low-risk groups of patients (Fig. 2D, p < 0.001). With the 
increase of the risk score, the death rate of the patients 
increased, as shown in the scatter plot (Fig. 2E). The area 
under the curve (AUC) of the 1-, 3-, 5-year overall sur-
vival rates were 0.792, 0.794, 0.773, respectively (Fig. 2 F). 
PCA analysis showed that significant differences in the 
distribution of patients (Additional file  3: Fig. S1A, B). 
Through the survival analysis of the single gene, the 
BAK1, CASP6, and GSDMA were found to be linked to 
the prognosis of osteosarcoma (Fig. 2G–L).

Verification of the PRGs signature
To verify the six-gene prognostic signature, we applied 
the six-gene model to the GSE21257 cohort, and the sur-
vival analysis of the verification group was performed 
(Fig. 3A, B), and the results are consistent with the train-
ing cohort. The 1-, 3-, and 5- years AUC was found to be 
0.745, 0.700, 0.636, respectively (Fig.  3C). The survival 

Fig. 1 Expression of the pyroptosis-related genes (PRGs) in osteosarcoma. A The heatmap showed the expression levels of 57 PRGs in normal and 
tumor samples. B The boxplot of 23 differentially expressed PRGs (logFC > 1) between the normal and the tumor tissues
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Fig. 2 Construction of PRGs signature in the TARGET cohort. A Univariate Cox regression showed 10 PRGs related to osteosarcoma survival 
(P < 0.05). B LASSO analysis of 10 prognostic PRGs. C Cross-validation for tuning parameter selection in the LASSO regression. Coefficients refer 
to the risk coefficient corresponding to each gene. D Kaplan-Meier survival curve based on osteosarcoma patients from the TARGET cohort. E 
Distribution of risk score, survival status of the six PRGs signature. F The time-dependent ROC analysis of the signature. G–L Kaplan-Meier survival 
analysis of single gene in the TARGET cohort
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analysis of a single modeling gene was also consistent 
with the trend of TARGET (Fig.  3D–I). The result indi-
cated that the six PRGs signature has a good predictive 
effect on the external data set.

The relevance of clinical features and PRGs prognostic 
signature
The heat map was drawn to explore the relevance of the 
various clinical characteristics and the PRGs signature, 
including age, sex, and metastatic status (Fig. 4A, B). The 
expression level of CHMP4C was found to positively cor-
relate with the risk score, while GSDMA was found to 
negatively correlate with the high risk of osteosarcoma, 
suggesting that CHMP4C may be a risk factor. At the 

same time, the high risk was found to have a high cor-
relation with osteosarcoma metastasis, and there were 
statistical differences in the training and validation sets. 
The box plot was drawn to visualize the correlativity 
between the metastasis and the risk score (Additional 
file  3: Fig. S1C, D). However, there were no gender and 
age differences between the two subgroups. The univari-
ate and multivariate Cox regression analysis showed that 
the risk score can be used to affect the prognosis of the 
osteosarcoma patients when other clinical factors were 
considered (Fig. 4C, D). To evaluate the prognostic ability 
of PRGs, we selected the clinical variables, including gen-
der, age, metastasis, and risk score as the parameters for 
establishing a nomogram based on the training cohort 

Fig. 3 Validation of the PRGs signature in the testing set. A Kaplan-Meier survival curve analysis based on osteosarcoma patients from the 
GSE21257 cohort. B Distribution of risk score, survival status. C The time-dependent ROC analysis. D–I Kaplan-Meier survival analysis of single gene 
in the GSE21257 cohort
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(Fig. 4E). The nomogram model was evaluated using a C 
index of 0.809 and a 95% confidence interval of 0.725 to 
0.893. The calibration curves results indicated that the 
nomogram was superior in predicting the prognosis of 
the osteosarcoma patients.

Immune cell infiltration and immune score
Based on the TARGET data set, the ssGSEA (single sam-
ple gene set enrichment analysis)[19] was performed to 
evaluate the values of immune cell infiltration. As the 
box plot shown in Fig.  5A–D, the immune cell infiltra-
tion and related functions showed a downward trend in 

Fig. 4 Combination of the six PRGs signature and clinical features. A, B Heatmap and the clinical characters of the two groups (*p < 0.05). C, 
D Univariate and multivariate Cox regression analysis for independent prognostic analysis of risk model. E Nomogram based on age, gender, 
metastasis, and risk in the TARGET database. F–H The nomogram calibration curves for predicting 1-, 3-, and 5-year survival in the TARGET cohort
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the high-risk group. To further explore the correlation of 
the immune status and risk score, we used ESTIMATE to 
calculate the stromal cell score, immune cell score, and 
ESTIMATE score of each sample. The risk scores showed 
a significant negative correlation with the stromal score 

(Fig. 5E), immune score (Fig. 5F), and ESTIMATE score 
(Fig. 5G). This indicated that the high-risk samples were 
found to contain a smaller number of immune and stro-
mal cells.

Fig. 5 Distribution and visualization of immune status. A, B Relationship between risk score and immune cell infiltration and related functions via 
ssGSEA analysis. E–G Pearson correlation analysis shows that the risk score is significantly related to the Stromal score, immune score, and ESTIMATE 
Score calculated by the ESTIMATE algorithm. *P < 0.05, **P < 0.01 and ***P < 0.001
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Identification of the PRLs and establishment 
of the signature
First, we analyzed the lncRNA data from the TAR-
GET and GTEx databases and identified 13,012 lncR-
NAs. Then, the Pearson correlation analysis was used 
in the TARGET database to screen out 302 PRLs. By 
the “limma” package, we obtained 60 PRLs were differ-
entially expressed between the osteosarcoma samples 
and normal samples, including 44 up-regulated lncR-
NAs and 16 down-regulated lncRNAs, results are shown 
in a heat map (Fig.  6  A). Combining these differentially 
expressed PRLs with the corresponding clinical informa-
tion from TARGET, 13 lncRNAs related to the prognosis 
of osteosarcoma were initially screened (Fig.  6B), and 9 
key lncRNAs (FOXD2-AS1, AC010894.2, AC018904.1, 
AL035446.1, UNC5B-AS1, BX322562.1, SENCR, 
AC090559.1, AC016596.1) were further determined 
through the LASSO regression analysis (Fig.  6C, D, E, 
Additional file 1: Table S2).

Validation of the PRLs prognostic signature
The Kaplan–Meier curve showed that PRLs prognos-
tic model can distinguish patients in different groups 

(p < 0.001) (Fig.  7A, B). The time-dependent ROC curve 
was used to evaluate the performance of the gene sig-
nature to predict overall survival. The AUC values for 
1, 3, and 5 years are 0.732, 0.701, and 0.695, respectively 
(Fig.  7C). The PCA and t-SNE analysis showed signifi-
cant differences in the distribution of patients (Fig.  7D, 
E). According to the risk heat map, SENCR, AC016596.1, 
AC018904.1, and UNC5B.AS1 was suggested to be high-
risk PRLs.

Functional analysis and gene set enrichment analysis 
(GSEA)
To study the differences in the molecular biological 
mechanisms between the groups, functional analysis 
was used to analyze the DEGs in the TARGET cohort. 
In biological processes, DEGs are mainly involved in T 
cell activation and lymphocyte differentiation (Fig.  8A). 
Among the cellular components, the term enrichment is 
mainly related to the external side of the plasma mem-
brane and collagen trimer (Fig.  8A). In terms of molec-
ular functions, the rich terms are mainly related to the 
cargo receptor activity and signaling receptor activa-
tor activity (Fig.  8A). The Kyoto Encyclopedia of Genes 

Fig. 6 Construction of pyroptosis-related lncRNAs (PRLs) signature. A Heatmap of the PRLs between the normal and the tumor tissues. B Univariate 
Cox regression showed 13 PRLs related to osteosarcoma survival (P < 0.05). C, D Lasso regression for PRLs in univariate Cox regression. Coefficients 
refer to the risk coefficient corresponding to each gene. E The coefficients of the nine PRLs.
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and Genomes (KEGG) analysis revealed that DEGs are 
mainly enriched in the T cell receptor signaling pathway 
pathways (Fig. 8B).

The tumor characteristics and related pathways were 
studied by the GSEA software. Several tumor-related 
markers, including the KRAS signaling pathway, IL-6/
JAK/STAT3 signaling pathway, and inflammatory 
response were identified, which were enriched in low-
risk patients (Fig.  8C). The immune-related biological 
processes like a complement, coagulation, and apical sur-
face were also enriched in the low-risk patients (Fig. 8C).

Relationship between the expression 
of the pyroptosis‑related prognostic markers
To better understand the correlation between PRLs and 
PRGs, a Pearson correlation analysis was conducted. In 

the correlation analysis, the expression of the lncRNA 
AC090559.1 and CASP1, GSDMA were positively 
related, and the CHMP4C expression level showed a pos-
itive correlation with that of AC018904.1 and UNC5B-
AS1 (r ≥ 0.4, p < 0.05). The result is shown in Fig. 9.

Validation of the expression level of CHMP4C
CHMP4C belongs to the family of charged multivesicular 
body protein (CHMP). Recent studies have demonstrated 
a human polymorphism in CHMP4C to be associated 
with the increased risk for several other cancers [20], and 
CHMP4C can also regulate the proliferation of the tumor 
cells through the cell cycle pathway [21]. The Pan-Can-
cer analysis showed that CHMP4C to be up-regulated in 
breast cancer, colon adenocarcinoma, liver hepatocellular 
carcinoma, lung adenocarcinoma, and other malignant 

Fig. 7 Prognostic analysis of the PRLs signature. A Kaplan–Meier survival curve analysis of patients in the high-risk group and low-risk group. B 
The distributions of survival status and risk score. C The AUC of time-dependent ROC curves. D, E PCA plot and t-SNE analysis based on the PRLs 
signature. F Heatmap of the six PRLs between the high and low-risk group. G, H Univariate and multivariate Cox analysis for the risk score
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tumors (Fig.  10A, B), and the Kaplan–Meier analysis 
shows that CHMP4C may be a risk factor for lung adeno-
carcinoma, pancreatic ductal adenocarcinoma and thy-
moma, moreover, univariate Cox analysis showed that 
CHMP4C could be used as an independent prognostic 
factor (Additional file  3: Fig. S1H). However, CHMP4C 
has not been described in osteosarcoma. The analyses 
of data from the GTEx and TARGET collections and 
GSE42352 in Fig.  10C and D showed the expression of 
CHMP4C, to be significantly up-regulated in the osteo-
sarcoma samples. In addition, the expression of CHMP4C 
was quantified in the osteoblasts and osteosarcoma 

cell lines. The RT-qPCR showed that CHMP4C mRNA 
expression levels in the osteosarcoma cells were signifi-
cantly increased compared to the osteoblasts (Fig. 10E). 
Then, we used immunohistochemical staining to explore 
the differential expressions of CHMP4C in tumor and 
adjacent normal tissues (Additional file 3: Fig. S1I).

CHMP4C suppressed Osteosarcoma Cell Proliferation 
Migration, and Invasion
Since CHMP4C was expressed at the highest fold in U2OS, 
we selected the U2OS cell line for further experiments. We 
used lentiviral transfection to upregulate the expression of 

Fig. 8 Functional enrichment analysis between low- and high-risk osteosarcoma patients based on the PRLs signature. A Gene ontology analysis of 
DEGs between low- and high-risk osteosarcoma patients. B KEGG pathway analysis of DEGs between low- and high-risk osteosarcoma patients. C 
Gene set enrichment analysis (GSEA) of hallmarks enriched in low-risk osteosarcoma patients
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CHMP4C in U2OS cells (Fig. 11A), and then examined its 
effect on cell proliferation. As shown in Fig. 11B–D, CCK-8 
and colony formation experiments showed that overexpres-
sion of CHMP4C resulted in down-regulated proliferation 
of U2OS cells. Wound healing experiments demonstrated 
that overexpression of CHMP4C significantly promoted 
the migration ability of U2OS cells (Fig.  11E, F). Fur-
thermore, transwell experiments showed that CHMP4C 
overexpression significantly promoted the migration and 
invasion of U2OS cells (Fig. 11G–J). These results suggest 

that upregulation of the CHMP4C gene promotes the pro-
liferation, migration and invasion of U2OS cells.

Discussion
This study analyzed the differential expression of the 
PRGs between the osteosarcoma and healthy tissues. 
Then, 10 prognostic PRGs were preliminarily screened 
out through the univariate Cox regression analysis. By the 
Lasso Cox regression analysis, 6 key PRGs were screened 
for constructing the optimal model, namely CHMP4C, 
GZMA, BAK1, CASP1, CASP6, and GSDMA, and a six 

Fig. 9 The correlation analysis of prognostic pyroptosis-related biomarkers. A Heatmap of Pearson correlation between the pyroptosis-related 
biomarkers. The x-axis and y-axis represent genes. Red blocks represent positive correlation, and blue blocks represent negative correlation. B–E 
Representative results of correlation analysis. Cor: correlation coefficient
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PRGs signature was successfully constructed for osteo-
sarcoma. Compared with low-risk patients, the survival 
rate of high-risk patients is significantly lower. The results 

of the validation cohort also showed that the model 
has good prognostic significance. In addition, the risk 
scores and other clinicopathological factors (including 

Fig. 10 The expression levels of CHMP4C. A Pan-cancer analysis of CHMP4C expression based on the GEPIA database. B Pan-cancer analysis 
of CHMP4C expression based on TIMER database. C The CHMP4C expression level (FPKM) in osteosarcoma and normal tissues, based on the 
combination of GTEx and TARGET. D The CHMP4C expression level in osteosarcoma and normal tissues, based on the GSE42352 cohort. E The 
qRT-PCR result of CHMP4C in hFOB, 143B, SAOS2, U2OS cell lines. *P < 0.05, **P < 0.01 and ***P < 0.001
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age, gender, and metastasis) were used to construct an 
excellent nomogram for predicting the survival rates. In 
summary, these results confirmed that in our study, the 
six PRGs signature have a strong prognostic value in the 
patients with osteosarcoma and can be extended to other 
cohorts.

Pyroptosis is a new mechanism of programmed cell 
death, also known as gasdermin-mediated programmed 
necrotic cell death [5, 22, 23]. Recent studies have shown 

cell pyroptosis to be closely related to the occurrence 
and development of cancer [11, 24]. However, the role of 
pyroptosis in osteosarcoma remains unclear. Although 
some studies have recently reported pyroptosis-related 
signatures [25, 26], there are still some shortcomings 
in experimental verification, which affects the wide-
spread application of signatures. This study identified 
6 key PRGs related to the prognosis of osteosarcoma, 
and their role in tumors has been studied. The GZMA 

Fig. 11 The effect of CHMP4C on osteosarcoma cell proliferation, migration, and invasion. A Protein expression levels of CHMP4C were measured 
by western blot analysis. B–D CCK-8 and colony formation assays were used to assess the osteosarcoma cell proliferation. E, F The wound healing 
assay was performed to estimate the effect of CHMP4C overexpression on cell migration. Scale bar, 0.2 mm. G–J The transwell assay was conducted 
to assess the effect of CHMP4C overexpression on osteosarcoma cell invasion and migration. *P < 0.05, **P < 0.01 and ***P < 0.001



Page 15 of 18Zhang et al. Cancer Cell International          (2022) 22:322  

(Granzyme A) belongs to serine proteases, which are 
abundant in the cytotoxic T and NK cells [27, 28]. When 
GZMA is delivered to the target cells through the immu-
nological synapse, it can activate pyroptosis [29, 30]. 
This immune effect mechanism promotes the cytotoxic 
T cell-mediated tumor clearance in the mice [29]. BAK1 
(BCL2 Antagonist/Killer 1) belongs to the BCL2 family, 
which is located in the mitochondria and induces apop-
tosis [31, 32]. Recent studies have reported BAK1 to be 
involved in the caspase-3-GSDME mediated pyroptosis 
pathway, the knockdown of BAK1 can reduce cell pyrop-
tosis [33]. CASP1 (caspase-1) and CASP6 (caspase-6) 
are both members of the cysteine-aspartic acid pro-
tease (caspase) family. The activation of caspase plays a 
central role in programmed cell death. The low expres-
sion of CASP1 is related to the poor prognosis of lung 
adenocarcinoma, and CASP1 inhibits the invasion and 
migration of the non-small cell lung cancer (NSCLC) 
cells [34]. Emerging pieces of evidence have indicated 
that CASP6 mediates the activation of innate immunity 
and inflammasomes, and can promote the activation of 
programmed cell death, including pyroptosis, apoptosis, 
and necroptosis [35]. GSDMA can act as a regulator of 
programmed cell death [36, 37]. Studies have reported 
that GSDMA may be a tumor suppressor gene [38–40], 
which is generally suppressed in esophageal squamous 
cell carcinoma and gastric cancer. CHMP4C (chromatin-
modifying protein 4 C) plays a role in cell division, which 
prevents the accumulation of DNA damage by delay-
ing abscission [41–43]. The polymorphism of CHMP4C 
increases the susceptibility to cancer and might promote 
genome instability, thereby inducing cancer [20]. Li et al. 
found that CHMP4C can increase the NSCLC cells’ sur-
vival ability after ionizing radiation, and its silencing can 
increase the sensitivity of the cells to radiation [44]. Com-
pared to the normal tissues, CHMP4C is up-regulated in 
cervical cancer and lung squamous cell carcinoma, the 
knockdown of CHMP4C inhibits the proliferation of the 
cancer cells [21, 45]. Similar to the results of our study, 
the high expression of CHMP4C might be related to the 
poor prognosis of osteosarcoma. Through the analysis of 
multiple public databases, CHMP4C was found to be up-
regulated in a variety of tumors, including osteosarcoma. 
Consistent with this, RT-qPCR was performed to vali-
date the high expressed CHMP4C in the osteosarcoma 
cell lines. We found that overexpression of CHMP4C 
enhanced the migratory and invasive abilities of osteo-
sarcoma cells. These results indicate that PRGs play an 
important role in tumors, promoting or inhibiting metas-
tasis and progression. Moreover, CHMP4C might act as a 
cancer-promoting factor, which is expected to become an 
effective target for cancers.

We also established a PRLs prognostic signature for 
osteosarcoma patients. Firstly, to determine the PRLs, 
we performed Pearson correlation analysis between the 
PRGs and lncRNA. By differential expression analysis, 
we get the differentially expressed PRLs. Next, the dif-
ferentially expressed PRLs related to the prognosis were 
selected, and a 9 PRLs signature was developed using 
the LASSO Cox analysis. As shown by the risk model, 
the prognosis of the high-risk patients was found to be 
significantly lower than that of the low-risk patients. The 
GSEA results suggest that the immune-related functions 
are enriched in the low-risk patients, suggesting that 
immune regulation might be related to the improvement 
of prognosis.

LncRNAs usually do not encode proteins, but they are 
important in gene regulation and cell metabolism [46]. 
Recent studies have shown that lncRNAs are involved 
in the pathological progression of cardiovascular dis-
eases, tumors, neurological diseases, and other diseases 
by directly or indirectly acting on the pyroptosis-related 
pathways [47–50]. Nevertheless, the research on lncRNA 
related to pyroptosis in cancer, especially osteosar-
coma, is very inadequate. We have identified 9 PRLs for 
constructing the risk model, some of which have been 
reported to be related to tumors. FOXD2-AS1 is up-
regulated in a variety of cancers and has been identified 
as an oncogene [51–53]. The knockdown of FOXD2-
AS1 in osteosarcoma has been found to inhibit tumor 
growth and invasion in  vitro and vivo [54, 55], and 
inhibit its resistance to cisplatin [56]. AL035446.1 might 
serve as a pro-cancer factor for clear cell renal cell carci-
noma patients in the lncRNA risk signature constructed 
by Yang et  al[57]. The UNC5B-AS1 functions simi-
larly to FOXD2-AS1, and its expression is up-regulated 
in hepatocellular carcinoma, papillary thyroid cancer, 
and prostate cancer [58–60]. The silencing of UNC5B-
AS1 inhibits tumor growth [61, 62], but it has not been 
reported in osteosarcoma. SENCR has been extensively 
studied in the vascular smooth muscle cells and endothe-
lial cells [63, 64], but recent studies have showed that 
it also has a role in cancer. Cheng et  al. reported that 
SENCR promotes the cell proliferation and progres-
sion of the NSCLC cells through sponge miR-1-3p [65]. 
According to the prognostic model constructed by Guo 
et al., AC090559.1 is considered to be related to ferropto-
sis and is a favorable prognostic factor in lung adenocar-
cinoma [66]. The functions of AC010894.2, AC018904.1, 
BX322562.1, AC016596.1 have not been reported in the 
literature. Our study proved their relationship with the 
prognosis of patients with osteosarcoma and inferred 
their role in osteosarcoma through enrichment analysis. 
The role of these lncRNAs in osteosarcoma needs to be 
further explored in the experimental studies.
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This study still has certain limitations. Firstly, there are 
currently few public gene expression databases contain-
ing prognostic information for the patients with osteo-
sarcoma, resulting in a small number of tumor samples 
in our study. In the future, a more accurate prognostic 
model should be built using a larger sample size. Sec-
ondly, the clinical information of the data set is not 
complete, and more abundant clinical data are needed 
to evaluate the relationship between the model and the 
clinic. Finally, the exact mechanism underlying how 
CHMP4C promotes proliferation, invasion and migration 
also requires further exploration. Hence, further func-
tional experimental research is warranted in the future.

In summary, this study constructed a pyroptosis-
related markers signature in osteosarcoma, which is of 
great significance in determining the prognosis of osteo-
sarcoma patients. The results of this study have empha-
sized the importance of pyroptosis-related markers to 
osteosarcoma and provided important evidence for 
revealing the pathogenesis of osteosarcoma and guiding 
the future treatment of osteosarcoma.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12935- 022- 02729-1.

Additional file 1: Table S1. Risk coefficients of three PRGs. Table S2. Risk 
coefficients of six PRLs. Table S4. Primers used in this study.

Additional file 2: Table S3. The 57 PRGs

Additional file 3: Fig. S1. A, B PCA based on the six pyroptosis-related 
genes signature. C, D The relationship between the risk score and metas-
tasis. E-G The nomogram calibration curves for predicting 1-, 3-, and 5-year 
survival in the GSE21257 cohort. H Kaplan–Meier analysis based on the 
pan-cancer data set and univariate Cox regression analysis of CHMP4C. I 
The expressions of CHMP4C in tumor and adjacent normal tissues.

Additional file 4: Fig. S2. The PPI network.

Acknowledgements
This work was supported by the Natural Science Foundation of Jiangxi Prov-
ince of China under Grant No.20202ACBL206012.

Author contributions
Jian Zhang and Xigao Cheng designed the study. Jianjian Deng and Rui Ding 
searched the data from the database. Jian Zhang and Jinghong Yuan per-
formed the analysis of the data. Xiaokun Zhao and Jiahao Liu carried out the 
experiments and analyzed the experimental results. Jian Zhang and Jianjian 
Deng wrote the original draft of the manuscript. Jingyu Jia and Tianlong 
Wu supervised this work revised the manuscript. All authors had read and 
approved the final manuscript.

Funding
This work was supported by the Natural Science Foundation of Jiangxi Prov-
ince of China under Grant No.20202ACBL206012.

Availability of data and materials
The datasets supporting the conclusions of this article are available in the 
TARGET (https:// portal. gdc. cancer. gov/), Gene Expression Omnibus (GEO) 
database (https:// www. ncbi. nlm. nih. gov/ geo/), Genotype-Tissue Expression 
(GTEx) database (https:// gtexp ortal. org/).

Declarations

Ethics approval and consent to participate
TCGA and GEO belong to public databases. The patients involved in the 
database have obtained ethical approval. Users can download relevant data 
for free for research and publish relevant articles. Our study is based on open 
source data, so there are no ethical issues and other conflicts of interest.

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests. The authors declare that the 
research was conducted in the absence of any commercial or financial rela-
tionships that could be construed as a potential conflict of interest.

Author details
1 Department of Orthopedics, The Second Affiliated Hospital of Nanchang Uni-
versity, Nanchang 330006, Jiangxi, China. 2 Institute of Orthopedics of Jiangxi 
Province, Nanchang 330006, Jiangxi, China. 3 Institute of Minimally Invasive 
Orthopedics, Nanchang University, Jiangxi 330006, China. 

Received: 29 March 2022   Accepted: 26 September 2022

References
 1. Luetke A, Meyers PA, Lewis I, Juergens H. Osteosarcoma treatment—

where do we stand? A state of the art review. Cancer Treat Rev. 
2014;40(4):523–32.

 2. Moore DD, Luu HH. Osteosarcoma. Cancer Treat Res. 2014;162:65–92.
 3. Ritter J, Bielack SS. Osteosarcoma. Ann Oncol. 2010;21(Suppl 

7):vii320–325.
 4. Redondo A, Cruz J, Lopez-Pousa A, Barón F. SEOM clinical guidelines 

for the treatment of osteosarcoma in adults-2013. Clin Transl Oncol. 
2013;15(12):1037–43.

 5. Shi J, Gao W, Shao F. Pyroptosis: gasdermin-mediated programmed 
necrotic cell death. Trends Biochem Sci. 2017;42(4):245–54.

 6. Kovacs SB, Miao EA. Gasdermins: Effectors of Pyroptosis. Trends Cell Biol. 
2017;27(9):673–84.

 7. Vande Walle L, Lamkanfi M. Pyroptosis. Curr Biol. 2016;26(13):R568-r572.
 8. Sborgi L, Rühl S, Mulvihill E, Pipercevic J, Heilig R, Stahlberg H, Farady CJ, 

Müller DJ, Broz P, Hiller S. GSDMD membrane pore formation constitutes 
the mechanism of pyroptotic cell death. Embo j. 2016;35(16):1766–78.

 9. Broz P, Dixit VM. Inflammasomes: mechanism of assembly, regulation and 
signalling. Nat Rev Immunol. 2016;16(7):407–20.

 10. Aachoui Y, Sagulenko V, Miao EA, Stacey KJ. Inflammasome-mediated 
pyroptotic and apoptotic cell death, and defense against infection. Curr 
Opin Microbiol. 2013;16(3):319–26.

 11. Fang Y, Tian S, Pan Y, Li W, Wang Q, Tang Y, Yu T, Wu X, Shi Y, Ma P, 
et al. Pyroptosis: A new frontier in cancer. Biomed Pharmacother. 
2020;121:109595.

 12. Ruan J, Wang S, Wang J. Mechanism and regulation of pyroptosis-medi-
ated in cancer cell death. Chem Biol Interact. 2020;323:109052.

 13. Tang R, Xu J, Zhang B, Liu J, Liang C, Hua J, Meng Q, Yu X, Shi S. Ferrop-
tosis, necroptosis, and pyroptosis in anticancer immunity. J Hematol 
Oncol. 2020;13(1):110.

 14. Xia X, Wang X, Cheng Z, Qin W, Lei L, Jiang J, Hu J. The role of pyropto-
sis in cancer: pro-cancer or pro-“host”. Cell Death Dis. 2019;10(9):650.

 15. Hou J, Zhao R, Xia W, Chang CW, You Y, Hsu JM, Nie L, Chen Y, Wang YC, 
Liu C, et al. PD-L1-mediated gasdermin C expression switches apopto-
sis to pyroptosis in cancer cells and facilitates tumour necrosis. Nat Cell 
Biol. 2020;22(10):1264–75.

 16. Karki R, Kanneganti TD. Diverging inflammasome signals in tumorigen-
esis and potential targeting. Nat Rev Cancer. 2019;19(4):197–214.

 17. Man SM, Kanneganti TD. Regulation of inflammasome activation. 
Immunol Rev. 2015;265(1):6–21.

 18. Latz E, Xiao TS, Stutz A. Activation and regulation of the inflammas-
omes. Nat Rev Immunol. 2013;13(6):397–411.

https://doi.org/10.1186/s12935-022-02729-1
https://doi.org/10.1186/s12935-022-02729-1
https://portal.gdc.cancer.gov/
https://www.ncbi.nlm.nih.gov/geo/
https://gtexportal.org/


Page 17 of 18Zhang et al. Cancer Cell International          (2022) 22:322  

 19. Barbie DA, Tamayo P, Boehm JS, Kim SY, Moody SE, Dunn IF, Schinzel 
AC, Sandy P, Meylan E, Scholl C, et al. Systematic RNA interference 
reveals that oncogenic KRAS-driven cancers require TBK1. Nature. 
2009;462(7269):108–12.

 20. Sadler JBA, Wenzel DM, Williams LK, Guindo-Martínez M, Alam SL, 
Mercader JM, Torrents D, Ullman KS, Sundquist WI, Martin-Serrano J. A 
cancer-associated polymorphism in ESCRT-III disrupts the abscission 
checkpoint and promotes genome instability. Proc Natl Acad Sci U S A. 
2018;115(38):E8900–8.

 21. Liu B, Guo S, Li GH, Liu Y, Liu XZ, Yue JB, Guo HY. CHMP4C regulates 
lung squamous carcinogenesis and progression through cell cycle 
pathway. J Thorac Dis. 2021;13(8):4762–74.

 22. Galluzzi L, Vitale I, Aaronson SA, Abrams JM, Adam D, Agostinis P, 
Alnemri ES, Altucci L, Amelio I, Andrews DW, et al. Molecular mecha-
nisms of cell death: recommendations of the Nomenclature Commit-
tee on Cell Death 2018. Cell Death Differ. 2018;25(3):486–541.

 23. Shi J, Zhao Y, Wang K, Shi X, Wang Y, Huang H, Zhuang Y, Cai T, Wang 
F, Shao F. Cleavage of GSDMD by inflammatory caspases determines 
pyroptotic cell death. Nature. 2015;526(7575):660–5.

 24. Jiang M, Qi L, Li L, Li Y. The caspase-3/GSDME signal pathway as a 
switch between apoptosis and pyroptosis in cancer. Cell Death Discov. 
2020;6:112.

 25. Zhang Y, He R, Lei X, Mao L, Jiang P, Ni C, Yin Z, Zhong X, Chen C, Zheng 
Q, et al. A novel pyroptosis-related signature for predicting prognosis 
and indicating immune microenvironment features in osteosarcoma. 
Front Genet. 2021;12:780780.

 26. Bu X, Liu J, Ding R, Li Z. Prognostic value of a pyroptosis-related long 
noncoding RNA signature associated with osteosarcoma microenvi-
ronment. J Oncol. 2021;2021:2182761.

 27. Krähenbühl O, Rey C, Jenne D, Lanzavecchia A, Groscurth P, Carrel 
S, Tschopp J. Characterization of granzymes A and B isolated from 
granules of cloned human cytotoxic T lymphocytes. J Immunol. 
1988;141(10):3471–7.

 28. Hink-Schauer C, Estébanez-Perpiñá E, Kurschus FC, Bode W, Jenne DE. 
Crystal structure of the apoptosis-inducing human granzyme A dimer. 
Nat Struct Biol. 2003;10(7):535–40.

 29. Zhou Z, He H, Wang K, Shi X, Wang Y, Su Y, Wang Y, Li D, Liu W, Zhang Y, 
et al. Granzyme A from cytotoxic lymphocytes cleaves GSDMB to trig-
ger pyroptosis in target cells. Science. 2020;368(6494):eaaz7548.

 30. Lieberman J. Granzyme A activates another way to die. Immunol Rev. 
2010;235(1):93–104.

 31. Edlich F. BCL-2 proteins and apoptosis: recent insights and unknowns. 
Biochem Biophys Res Commun. 2018;500(1):26–34.

 32. Eskes R, Antonsson B, Osen-Sand A, Montessuit S, Richter C, Sadoul R, 
Mazzei G, Nichols A, Martinou JC. Bax-induced cytochrome C release 
from mitochondria is independent of the permeability transition pore 
but highly dependent on Mg2 + ions. J Cell Biol. 1998;143(1):217–24.

 33. Hu L, Chen M, Chen X, Zhao C, Fang Z, Wang H, Dai H. Chemotherapy-
induced pyroptosis is mediated by BAK/BAX-caspase-3-GSDME path-
way and inhibited by 2-bromopalmitate. Cell Death Dis. 2020;11(4):281.

 34. Huang T, Zhang P, Li W, Zhao T, Zhang Z, Chen S, Yang Y, Feng Y, Li F, 
Shirley Liu X, et al. G9A promotes tumor cell growth and invasion by 
silencing CASP1 in non-small-cell lung cancer cells. Cell Death Dis. 
2017;8(4):e2726.

 35. Zheng M, Karki R, Vogel P, Kanneganti TD. Caspase-6 is a key regulator 
of innate immunity, inflammasome activation, and host defense. Cell. 
2020;181(3):674-87.e613.

 36. Ding J, Wang K, Liu W, She Y, Sun Q, Shi J, Sun H, Wang DC, Shao F. Pore-
forming activity and structural autoinhibition of the gasdermin family. 
Nature. 2016;535(7610):111–6.

 37. Wang M, Chen X, Zhang Y. Biological functions of gasdermins in cancer: 
From molecular mechanisms to therapeutic potential. Front Cell Dev Biol. 
2021;9:638710.

 38. Saeki N, Kuwahara Y, Sasaki H, Satoh H, Shiroishi T. Gasdermin (Gsdm) 
localizing to mouse Chromosome 11 is predominantly expressed in 
upper gastrointestinal tract but significantly suppressed in human gastric 
cancer cells. Mamm Genome. 2000;11(9):718–24.

 39. Saeki N, Kim DH, Usui T, Aoyagi K, Tatsuta T, Aoki K, Yanagihara K, Tamura 
M, Mizushima H, Sakamoto H, et al. GASDERMIN, suppressed frequently 
in gastric cancer, is a target of LMO1 in TGF-beta-dependent apoptotic 
signalling. Oncogene. 2007;26(45):6488–98.

 40. Saeki N, Usui T, Aoyagi K, Kim DH, Sato M, Mabuchi T, Yanagihara K, 
Ogawa K, Sakamoto H, Yoshida T, et al. Distinctive expression and func-
tion of four GSDM family genes (GSDMA-D) in normal and malignant 
upper gastrointestinal epithelium. Genes Chromosomes Cancer. 
2009;48(3):261–71.

 41. Wollert T, Wunder C, Lippincott-Schwartz J, Hurley JH. Membrane scission 
by the ESCRT-III complex. Nature. 2009;458(7235):172–7.

 42. Lafaurie-Janvore J, Maiuri P, Wang I, Pinot M, Manneville JB, Betz 
T, Balland M, Piel M. ESCRT-III assembly and cytokinetic abscission 
are induced by tension release in the intercellular bridge. Science. 
2013;339(6127):1625–9.

 43. Thoresen SB, Campsteijn C, Vietri M, Schink KO, Liestøl K, Andersen 
JS, Raiborg C, Stenmark H. ANCHR mediates Aurora-B-dependent 
abscission checkpoint control through retention of VPS4. Nat Cell Biol. 
2014;16(6):550–60.

 44. Li K, Liu J, Tian M, Gao G, Qi X, Pan Y, Ruan J, Liu C, Su X. CHMP4C disrup-
tion sensitizes the human lung cancer cells to irradiation. Int J Mol Sci. 
2015;17(1):18.

 45. Lin SL, Wang M, Cao QQ, Li Q. Chromatin modified protein 4 C (CHMP4C) 
facilitates the malignant development of cervical cancer cells. FEBS Open 
Bio. 2020;10(7):1295–303.

 46. Kopp F, Mendell JT. Functional Classification and Experimental Dissection 
of Long Noncoding RNAs. Cell. 2018;172(3):393–407.

 47. Gao J, Chen X, Wei P, Wang Y, Li P, Shao K. Regulation of pyroptosis in 
cardiovascular pathologies: Role of noncoding RNAs. Mol Ther Nucleic 
Acids. 2021;25:220–36.

 48. Chen YR, Feng WY, Cheng YX, Zhu H, Liu HJ, Gao Y, Zhou WJ. siRNAs 
targeting mouse-specific lncRNA AA388235 induce human tumor cell 
pyroptosis/apoptosis. Front Oncol. 2021;11:662444.

 49. Xu S, Wang J, Jiang J, Song J, Zhu W, Zhang F, Shao M, Xu H, Ma X, Lyu 
F. TLR4 promotes microglial pyroptosis via lncRNA-F630028O10Rik by 
activating PI3K/AKT pathway after spinal cord injury. Cell Death Dis. 
2020;11(8):693.

 50. Wan P, Su W, Zhang Y, Li Z, Deng C, Li J, Jiang N, Huang S, Long E, Zhuo Y. 
LncRNA H19 initiates microglial pyroptosis and neuronal death in retinal 
ischemia/reperfusion injury. Cell Death Differ. 2020;27(1):176–91.

 51. Hu Q, Tai S, Wang J. Oncogenicity of lncRNA FOXD2-AS1 and its molecular 
mechanisms in human cancers. Pathol Res Pract. 2019;215(5):843–8.

 52. Li R, Chen S, Zhan J, Li X, Liu W, Sheng X, Lu Z, Zhong R, Chen L, Luo X, 
et al. Long noncoding RNA FOXD2-AS1 enhances chemotherapeutic 
resistance of laryngeal squamous cell carcinoma via STAT3 activation. Cell 
Death Dis. 2020;11(1):41.

 53. Dou X, Zhou Q, Wen M, Xu J, Zhu Y, Zhang S, Xu X. Long noncoding RNA 
FOXD2-AS1 promotes the malignancy of cervical cancer by sponging 
microRNA-760 and upregulating hepatoma-derived growth factor. Front 
Pharmacol. 2019;10:1700.

 54. Zhang H, Lu Y, Wang J, Zhang T, Dong C, Li X, Wang X, Ma Q, Yang T, Zhou 
Y. Downregulation of the long non–coding RNA FOXD2–AS1 inhibits 
cell proliferation, migration and invasion in osteosarcoma. Mol Med Rep. 
2019;20(1):292–302.

 55. Ren Z, Hu Y, Li G, Kang Y, Liu Y, Zhao H. HIF-1α induced long noncoding 
RNA FOXD2-AS1 promotes the osteosarcoma through repressing p21. 
Biomed Pharmacother. 2019;117: 109104.

 56. Zhang QQ, Xu SL, Ding C, Ma CC, Yuan TS, Hua CC, Wang XH. LncRNA 
FOXD2-AS1 knockdown inhibits the resistance of human osteosarcoma 
cells to cisplatin by inhibiting miR-143 expression. Eur Rev Med Pharma-
col Sci. 2021;25(2):678–86.

 57. Yang H, Xiong X, Li H. Development and interpretation of a genomic 
instability derived lncRNAs based risk signature as a predictor of 
prognosis for clear cell renal cell carcinoma patients. Front Oncol. 
2021;11:678253.

 58. Huang X, Pan J, Wang G, Huang T, Li C, Wang Y, Li X. UNC5B-AS1 promotes 
the proliferation, migration and EMT of hepatocellular carcinoma cells via 
regulating miR-4306/KDM2A axis. Cell Cycle 2021:1–11.

 59. Wang Y, Bhandari A, Niu J, Yang F, Xia E, Yao Z, Jin Y, Zheng Z, Lv S, Wang 
O. The lncRNA UNC5B-AS1 promotes proliferation, migration, and inva-
sion in papillary thyroid cancer cell lines. Hum Cell. 2019;32(3):334–42.

 60. Tan SF, Ni JX, Xiong H. LncRNA UNC5B-AS1 promotes malignant progres-
sion of prostate cancer by competitive binding to caspase-9. Eur Rev 
Med Pharmacol Sci. 2020;24(5):2271–80.



Page 18 of 18Zhang et al. Cancer Cell International          (2022) 22:322 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 61. Zhu LL, Wu Z, Li RK, Xing X, Jiang YS, Li J, Wang YH, Hu LP, Wang X, Qin 
WT, et al. Deciphering the genomic and lncRNA landscapes of aerobic 
glycolysis identifies potential therapeutic targets in pancreatic cancer. Int 
J Biol Sci. 2021;17(1):107–18.

 62. Fu J, Zhang Y, Wang M, Hu J, Fang Y. Inhibition of the long non-coding 
RNA UNC5B-AS1/miR-4455/RSPO4 axis reduces cervical cancer growth 
in vitro and in vivo. J Gene Med. 2021;23(12): e3382.

 63. Bell RD, Long X, Lin M, Bergmann JH, Nanda V, Cowan SL, Zhou Q, Han Y, 
Spector DL, Zheng D, et al. Identification and initial functional char-
acterization of a human vascular cell-enriched long noncoding RNA. 
Arterioscler Thromb Vasc Biol. 2014;34(6):1249–59.

 64. Boulberdaa M, Scott E, Ballantyne M, Garcia R, Descamps B, Angelini 
GD, Brittan M, Hunter A, McBride M, McClure J, et al. A role for the long 
noncoding RNA SENCR in commitment and function of endothelial cells. 
Mol Ther. 2016;24(5):978–90.

 65. Cheng R, Zhang G, Bai Y, Zhang F, Zhang G. LncRNA SENCR promotes 
cell proliferation and progression in non-small-cell lung cancer cells via 
sponging miR-1-3p. Cell Cycle. 2021;20(14):1402–14.

 66. Guo Y, Qu Z, Li D, Bai F, Xing J, Ding Q, Zhou J, Yao L, Xu Q. Identification of 
a prognostic ferroptosis-related lncRNA signature in the tumor microen-
vironment of lung adenocarcinoma. Cell Death Discov. 2021;7(1):190.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Identification of pyroptosis-related genes and long non-coding RNAs signatures in osteosarcoma
	Abstract 
	Introduction
	Materials and methods
	Data collection
	Differential analysis
	Construction and validation of the PRG-based prognostic signature
	Evaluation and verification of the risk model
	Immune cell infiltration and immune score analysis
	Functional enrichment analysis
	Cell lines and reagents
	Cell culture
	Clinical specimens
	RNA extraction and RT-qPCR
	Lentivirus infection
	Western blotting
	CCK-8 and colony formation assays
	Wound healing and transwell invasion assays
	Immunohistochemical staining
	Statistical analysis

	Results
	Defining the PRGs expression patterns in osteosarcoma
	Establishment and evaluation of the PRGs prognostic signature
	Verification of the PRGs signature
	The relevance of clinical features and PRGs prognostic signature
	Immune cell infiltration and immune score
	Identification of the PRLs and establishment of the signature
	Validation of the PRLs prognostic signature
	Functional analysis and gene set enrichment analysis (GSEA)
	Relationship between the expression of the pyroptosis-related prognostic markers

	Validation of the expression level of CHMP4C
	CHMP4C suppressed Osteosarcoma Cell Proliferation Migration, and Invasion

	Discussion
	Acknowledgements
	References




